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LAMPIRAN 

 

view.py – file proses Extreme Learning Machine 

from subprocess import run, PIPE 

from sklearn.datasets import load_digits, load_boston 

from sklearn.preprocessing import StandardScaler, MinMaxScaler 

from . import extreme_learning_machines as elmcode 

from sklearn.model_selection import train_test_split 

from sklearn.metrics import mean_squared_error 

import matplotlib.pylab as plt 

import numpy as np 

from timeit import default_timer as timer 

import time 

import pandas as pd 

 

def index(request): 

    context = { 

        'title': 'Extreme Learning Machine', 

        'heading': 'Extreme Learning Machine', 

        'subheading': 'Author' 

    } 

    return render(request, 'index.html', context) 

 

def external(request): 

 

    sf_train = pd.read_csv('dataset/boston_house_prices.csv') 

    train_data = sf_train.values 

    # print(train_data) 

    train_x = train_data[1:, 0:13] 

    # print(train_x.astype(float)) 

    y = train_data[1:, 13] 

    yaktual = np.array(train_data[1:, 13]).ravel() 

    # y_aktual = list(y_target) 

    yaktual = list(train_data[1:, 13]) 

    train_y = train_data[1:, 13] 

    # print(train_y.astype(float)) 

    xtoy_train, xtoy_test, ytoy_train, ytoy_test = train_test_sp

lit( 

        train_x.astype(float), train_y.astype(float), test_size=

0.2) 

 

    # xtoy_train, xtoy_test, ytoy_train, ytoy_test = train_test_

split( 

    # boston.data, boston.target, test_size=0.2) 

 

    xtoy_train = MinMaxScaler().fit_transform(xtoy_train) 

    ytoy_train = MinMaxScaler().fit_transform(ytoy_train.reshape

(-1, 1)) 
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    xtoy_test = MinMaxScaler().fit_transform(xtoy_test) 

 

    ytoy_test = MinMaxScaler().fit_transform(ytoy_test.reshape(-

1, 1)) 

 

    boston.data = MinMaxScaler().fit_transform(boston.data) 

    boston.target = MinMaxScaler().fit_transform(boston.target.r

eshape(-1, 1)) 

 

    tic = time.perf_counter() 

    start = timer() 

    elm = elmcode.ELMRegressor(n_hidden=100, weight_scale=10) 

 

    elm.fit(xtoy_train, ytoy_train) 

    end = timer() 

    toc = time.perf_counter() 

 

    tictoc = round(end-start, 4) 

 

    y_target = np.array(boston.target).ravel() 

    y_aktual = list(y_target) 

 

    y_predictnoravel = np.array(elm.predict(boston.data)) 

    y_predict = list(y_predictnoravel) 

 

    t_train_denormali = np.dot(elm.predict(boston.data), ( 

        y.max(axis=0) - y.min(axis=0))) + y.min(axis=0) 

 

    t_train_denormali = np.array(t_train_denormali) 

    t_train_denormali = list(t_train_denormali) 

 

    data = [] 

    for i in range(boston.target.shape[0]): 

        data.append(i+1) 

 

def externalelm(request): 

    template = "index.html" 

    prompt = { 

        'data': 'harus feature csv' 

    } 

    # Upload dataset format harus csv 

    if request.method == 'GET': 

        return render(request, template, prompt) 

         

    csv_file = request.FILES['file'] 

    # print(csv_file.file.name) 

    if not csv_file.name.endswith('.csv'): 

        messages.error(request, 'Please upload a .csv file.') 

 

    data_set = csv_file.read().decode('UTF-8') 

    io_string = io.StringIO(data_set) 

    # next(io_string) 
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    f = StringIO(data_set) 

    # reader = csv.reader(f, quoting=csv.QUOTE_NONNUMERIC) 

    reader = csv.reader(f) 

    csvarray = [] 

    for row in reader: 

        # print('\t'.join(row)) 

        csvarray.append(row) 

 

    mse_temp = 1 

    random = 0 

    y_te_temp = 0 

    prediksitemp = 0 

    mse_temp, y_te_temp, prediksitemp, train_kecil_y, waktu, y_t

e_kecil, y_te_kecilnoravel, W1_teroptimal, bias_teroptimal, W2_t

eroptimal, X_te, X_tr_input, X_te_input, y_tr_target, y_te_targe

t, X_tr, y_tr_bin, parameter_denormalisasi, pred_denormalilsasi 

= p( 

        csvarray) 

 

    y_target = np.array(y_te_temp).ravel() 

    y_aktual = list(y_target) 

 

    y_predictnoravel = np.array(prediksitemp).ravel() 

    y_predict = list(y_predictnoravel) 

 

    pred_denormalilsasi_ravel = np.array(pred_denormalilsasi).ra

vel() 

    pred_denormalilsasi_ravel = list(pred_denormalilsasi_ravel) 

 

    y_te_kecil = np.array(y_te_kecil).ravel() 

    y_te_kecil = list(y_te_kecil) 

    y_te_kecil.append(np.asarray(parameter_denormalisasi).item()

) 

    print(y_te_kecil) 

 

    t_train_denormali = np.dot(prediksitemp, ( 

        y_te_kecilnoravel.max(axis=0) - y_te_kecilnoravel.min(ax

is=0))) + y_te_kecilnoravel.min(axis=0) 

 

    t_train_denormali = np.array(t_train_denormali) 

    t_train_denormali = list(t_train_denormali) 

 

    print(int(np.asarray(parameter_denormalisasi).item())) 

 

    robusta = int(np.asarray(parameter_denormalisasi).item()) * 

12 

    susu = int(np.asarray(parameter_denormalisasi).item()) * 25 

    air = int(np.asarray(parameter_denormalisasi).item()) * 150 

 

    data = [] 

    for i in range(prediksitemp.shape[0]): 

        data.append(i+1) 
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    parameter_x = [] 

    for i in range(prediksitemp.shape[0]+1): 

        parameter_x.append(i+1) 

 

    data_aktual = [] 

    for i in range(train_kecil_y.shape[0]): 

        data_aktual.append(i+1) 

 

    parameter_x_penjualan = [] 

    for i in range(train_kecil_y.shape[0]+1): 

        parameter_x_penjualan.append(i+1) 

 

    train_kecil_y = np.array(train_kecil_y.astype(float)).ravel(

) 

    train_kecil_y = list(train_kecil_y) 

 

    train_kecil_y_penjualan = train_kecil_y 

    train_kecil_y_elm = train_kecil_y[::-1] 

    train_kecil_y_elm.append(np.asarray(parameter_denormalisasi)

.item()) 

     

def p(csvarray): 

    mse_temp = 1 

    random = 0 

    y_te_temp = 0 

    prediksitemp = 0 

    parameter_denormalilsasi_penjualan = 0 

     

# proses pengulanan untuk mencari nilai terbaik 

    for j in range(1): 

        for i in range(1): 

            mse, y_te_bin, pred, tictoc, train_y, y_te, W1, b, W

2, X_te, X_tr_input, X_te_input, y_tr_target, y_te_target, X_tr,

 y_tr_bin, parameter_denormalilsasi, pred_denormalilsasi = ELM( 

                i, csvarray, j) 

            if mse_temp > mse: 

                random = i 

                mse_temp = mse 

                y_te_temp = y_te_bin 

                prediksitemp = pred 

                train_kecil_y = train_y 

                waktu = tictoc 

                y_te_kecil = y_te 

                y_te_kecilnoravel = y_te 

                W1_teroptimal = W1 

                bias_teroptimal = b 

                W2_teroptimal = W2 

                X_te = X_te 

                X_tr_input = X_tr_input 

                X_te_input = X_te_input 

                y_tr_target = y_tr_target 

                y_te_target = y_te_target 

                X_tr = X_tr 
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                y_tr_bin = y_tr_bin 

                parameter_denormalilsasi_penjualan = parameter_d

enormalilsasi 

                pred_denormalilsasi = pred_denormalilsasi 

    print("terkecil ", mse_temp) 

    print(random) 

    print(prediksitemp) 

    return mse_temp, y_te_temp, prediksitemp, train_kecil_y, wak

tu, y_te_kecil, y_te_kecilnoravel, W1_teroptimal, bias_teroptima

l, W2_teroptimal, X_te, X_tr_input, X_te_input, y_tr_target, y_t

e_target, X_tr, y_tr_bin, parameter_denormalilsasi_penjualan, pr

ed_denormalilsasi 

 

def Softmax(X_tr, X_te, y_tr, y_te): 

 

    std = np.std(X_tr, dtype=np.float64) 

    transferdata = (X_tr - np.mean(X_tr))/(10*(std/(np.dot(2, 3.

14)))) 

    X_tr = (1/(1+np.exp(-transferdata))) 

 

    std = np.std(X_te, dtype=np.float64) 

    transferdata = (X_te - np.mean(X_te))/(10*(std/(np.dot(2, 3.

14)))) 

    X_te = (1/(1+np.exp(-transferdata))) 

 

    std = np.std(y_tr, dtype=np.float64) 

    transferdata = (y_tr - np.mean(y_tr))/(10*(std/(np.dot(2, 3.

14)))) 

    y_tr_bin = (1/(1+np.exp(-transferdata))) 

 

    std = np.std(y_te, dtype=np.float64) 

    transferdata = (y_te - np.mean(y_te))/(10*(std/(np.dot(2, 3.

14)))) 

    y_te_bin = (1/(1+np.exp(-transferdata))) 

 

    return X_tr, X_te, y_tr_bin, y_te_bin 

 

def ELM(x, csvarray, j): 

 

    ########## Nilai Parameter Random Numpy yang digunakan dalam

 metode ELM 

    np.random.seed(379) 

 

    ########## Mengambil Data Fitur 

    train_x = np.array(csvarray)[1:, 2:8] 

 

    ########## Mengambil Data Target 

    train_y = np.array(csvarray)[1:, 1] 
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    ########## Membagi data Training dan data Testing 

    #test_size 0,2 maksud nya 80% data training 20% data testing 

    X_tr, X_te, y_tr, y_te = train_test_split( 

        train_x.astype(float), train_y.astype(float), test_size=

0.2) 

    X_tr_input = X_tr 

    X_te_input = X_te 

    y_tr_target = y_tr 

    y_te_target = y_te 

 

 

    ########## Proses Normalisasi 

 

    std = np.std(X_tr, dtype=np.float64) 

    transferdata = (X_tr - np.mean(X_tr))/(10*(std/(np.dot(2, 3.

14)))) 

    X_tr = (1/(1+np.exp(-transferdata))) 

 

    std = np.std(X_te, dtype=np.float64) 

    transferdata = (X_te - np.mean(X_te))/(10*(std/(np.dot(2, 3.

14)))) 

    X_te = (1/(1+np.exp(-transferdata))) 

 

    m, n = X_tr.shape 

 

    std = np.std(y_tr, dtype=np.float64) 

    transferdata = (y_tr - np.mean(y_tr))/(10*(std/(np.dot(2, 3.

14)))) 

    y_tr_bin = (1/(1+np.exp(-transferdata))) 

 

    std = np.std(y_te, dtype=np.float64) 

    transferdata = (y_te - np.mean(y_te))/(10*(std/(np.dot(2, 3.

14)))) 

    y_te_bin = (1/(1+np.exp(-transferdata))) 

 

 

    ########## Menetukan Jumlah Hidden Layer 

    h = 12 

 

    # Menentukan Nilai Bobot 

    # W1 = np.matrix(np.random.uniform(0, 1, (h, n))) 

    W1 = np.random.uniform(0, 1, (h, n)) 

 

 

    # Menentukan Nilai Bias 

    b = np.random.uniform(0, 1, (1, h)) 

 

    #Menghitung Sigmoid Biner 

 

    def sig(x): 
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        return 1 / (1 + np.exp(-x)) 

 

    # Proses Menghitung Waktu 

 

    tic = time.perf_counter() 

    start = timer() 

 

    #output weight 

 

    H = (X_tr @ W1.T)+b 

 

    W2 = np.linalg.pinv(sig(H)) @ y_tr_bin.reshape(-1, 1) 

    # print(W2) 

 

    # Cari Prediksi 

 

    pred = (sig((X_te @ W1.T)+b)@W2) 

 

    MSEnumpy = np.square(np.subtract(y_te_bin.reshape(-

1, 1), pred)).mean() 

 

    mse = mean_squared_error(y_te_bin.reshape(-1, 1), pred) 

 

    # pred = np.squeeze(np.asarray(pred)) 

 

    pred[pred < 0] = 0 

    pred[pred > 1] = 1 

 

 

    # Proses Denormalisasi 

 

    pred_denormalilsasi = ((-(np.log((1/pred)-

1)))*((10*(std/(np.dot(2, 3.14))))))+np.mean(y_te) 

    pred_denormalilsasi = np.round(pred_denormalilsasi) 

 

    end = timer() 

    toc = time.perf_counter() 

 

    tictoc = round(np.add((end-start), 0.05), 4) 

 

    # Prediksi Di bulan Selanjutnya 

 

    parameter = np.array(csvarray)[1, 2:8] 

 

    parameter = parameter.astype(float) 

 

    stdparameter = np.std(parameter, dtype=np.float64) 

 

    transferdata = (parameter - np.mean(parameter)) / \ 

        (10*(stdparameter/(np.dot(2, 3.14)))) 
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    parameter = (1/(1+np.exp(-transferdata))) 

 

    parameter_penjualan = (sig((parameter @ W1.T)+b)@W2) 

 

    parameter_denormalilsasi = ((-

(np.log((1/parameter_penjualan)-

1)))*((10*(std/(np.dot(2, 3.14))))))+np.mean(y_te) 

    parameter_denormalilsasi = np.round(parameter_denormalilsasi

) 

 

    return mean_squared_error(y_te_bin.reshape(-

1, 1), pred), y_te_bin.reshape(-

1, 1), pred, tictoc, train_y, y_te, W1, b, W2, X_te, X_tr_input,

 X_te_input, y_tr_target, y_te_target, X_tr, y_tr_bin, parameter

_denormalilsasi, pred_denormalilsasi 

 

 

 

  Dataset Pengujian 

Month   Stock   SUN  

 

GOVIT  

 

Gowell  

 

Promina  

Nov-17 

    

90.227  

    

24.804  

      

5.420  

    

27.617  

    

24.183  

Des-17 

      

6.229  

      

1.830  

          

563  

      

2.680  

          

590  

Jan-18 

    

58.587  

    

30.991  

      

3.628  

    

15.237  

      

3.404  

Feb-18 

    

47.425  

    

19.192  

      

4.710  

    

17.534  

      

1.678  

Mar-18 

    

66.714  

    

34.771  

      

5.377  

    

16.022  

      

4.479  

Apr-18 

    

57.756  

    

20.759  

      

3.479  

    

25.113  

      

3.154  

Mei-18 

    

54.503  

    

24.493  

      

1.378  

    

19.608  

      

4.069  

Jun-18 

    

52.174  

    

23.972  

      

1.363  

    

17.774  

      

4.322  

Jul-18 

    

48.050  

    

20.446  

      

3.247  

    

18.418  

      

1.570  

Agu-18 

    

79.734  

    

30.129  

      

5.920  

    

32.683  

      

3.753  

Sep-18 

    

75.999  

    

34.162  

      

4.160  

    

26.894  

      

3.874  

Okt-18 

    

69.689  

    

28.531  

      

5.242  

    

26.751  

      

2.829  

Nov-18 

    

57.521  

    

28.338  

      

3.503  

    

17.722  

      

2.728  
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Des-18 

    

91.556  

    

38.751  

      

5.290  

    

34.103  

      

5.089  

Jan-19 

  

105.257  

    

22.829  

      

1.677  

    

11.698  

      

3.053  

Feb-19 

    

92.869  

    

24.609  

      

4.136  

    

22.377  

      

3.908  

Mar-19 

    

85.615  

    

41.445  

      

2.995  

    

25.348  

      

4.660  

Apr-19 

    

64.634  

    

27.225  

      

2.175  

    

23.091  

      

3.712  

Mei-19 

    

69.018  

    

33.567  

      

1.148  

    

20.248  

      

5.052  

Jun-19 

    

49.077  

    

23.552  

      

1.433  

    

12.873  

      

4.818  

Jul-19 

    

64.048  

    

17.948  

      

2.024  

    

32.513  

      

3.209  

Agu-19 

    

57.682  

    

21.483  

      

2.246  

    

22.683  

      

3.746  

Sep-19 

    

73.014  

    

28.375  

      

3.065  

    

25.618  

      

6.431  

Okt-19 

    

59.464  

    

25.628  

      

3.682  

    

18.449  

      

3.949  

Nov-19 

    

56.410  

    

27.284  

      

1.898  

    

13.674  

      

6.196  

Des-19 

    

74.866  

    

32.287  

      

4.271  

    

22.221  

      

6.322  

Jan-20 

  

165.941  

    

30.996  

      

1.509  

    

11.923  

      

6.389  

Feb-20 

    

70.607  

    

25.446  

      

1.854  

    

11.367  

      

5.206  

Mar-20 

    

81.589  

    

30.342  

      

2.864  

    

16.301  

      

7.897  

Apr-20 

    

82.508  

    

28.028  

          

751  

    

14.435  

      

3.879  

Mei-20 

    

70.856  

    

17.280  

          

365  

    

10.575  

      

4.827  

Jun-20 

    

73.607  

    

28.527  

          

729  

    

14.615  

      

4.433  

Jul-20 

    

89.516  

    

26.815  

          

505  

    

11.226  

      

4.416  

Agu-20 

    

85.168  

    

25.597  

          

436  

      

9.631  

      

5.417  

Sep-20 

    

74.779  

    

25.168  

          

436  

      

8.185  

      

5.034  

Okt-20 

    

72.380  

    

32.362  

          

752  

      

8.738  

      

6.523  
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Nov-20 

    

77.442  

    

28.433  

          

779  

    

10.733  

      

7.060  

Des-20 

    

70.499  

    

36.258  

          

970  

    

13.361  

      

8.055  

Jan-21 

    

57.865  

    

23.381  

          

773  

      

7.382  

      

4.702  

Feb-21 

    

80.490  

    

25.789  

          

799  

      

7.621  

      

7.108  

Mar-21 

    

84.129  

    

34.324  

      

1.035  

    

10.278  

      

9.051  

Apr-21 

    

84.539  

    

28.697  

          

496  

    

12.019  

      

6.997  

Mei-21 

    

50.418  

    

19.926  

          

495  

      

4.531  

      

8.152  
 




















